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People differ in how they combine visual, haptic, and proprioceptive information.
We infer those strategies directly from their interaction data.
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Two users can make the same The weights quantify how strongly each Sensory Strategies Change Without Active Control
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Toward Perceptually Adaptive Haptic Robotics
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Key Takeaway: Haptic interaction data can reveal not only whether a user succeeds, but how that user interprets multisensory feedback. Influences Multisensory Perception of Referred

Modeling those individual sensory strategies is a step toward haptic systems that adapt feedback to the person and the interaction mode. mﬂ‘gﬁp 'Ségf?B'BEE_E World Haptics Conterence




